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M1314 4.22 M319UaAIA Correlation Vauaazngufadanianusauiazalsa

Correlations
Herding | Decision

Herding  Pearson Correlation 1 3517

Sig. (2-tailed) .000

N 390 390
Decision  Pearson Correlation 3517 1

Sig. (2-tailed) .000

N 390 390

**_ Correlation is significant at the 0.01 level (2-tailed).
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Model Summary

Model

R

R Square

Adjusted R Square

Std. Error of the Estimate

1

351
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o P8

121

71686

a. Predictors: (Constant), 9388 1UNOANTTUMIUHAWAY (Herding behavior)
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1NA1519 4.23 WU A1 R Square VA1 0.123 aaiaulsa1usnesuiens
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Model Sum of Squares df Mean Square F Sig.
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Residual 199.391 388 514
Total 227.437 389
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