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Summary of Statistics for Time Serics Tests, Entire Period (January, 1931-December, 1965)
(Sample Size for Each Regression =420)
Portfolio Number

Item* 1 2 3 4 5 6 7 8 9 10 Ry
B 1.5614 13838 12483 1.1625 1.0572 09229 0.8531 0.7534 0.6291 0.4992 1.0000
@*10° -0.0829 -0.1938 -0.0649 -0.0167 -0.0543 0.0593 0.0462 0.0812 0.1968 0.2012
1(a) -0.4274 -1.9935 -0.7597 -0.2468 -0.8869 0.7878 0.7050 1.1837 2.3126 1.8684

f(RRv) 09625 09875 09882 09914 09915 09833 09851 09793 09560 0.8981
I‘(Erv(.’r 1) 0.0549 -0.0638 0.0366 0.0073 -0.0708 -0.1248 0.1294 0.1041 0.0444 0.0992

‘T(E) 0.0393 0.0197 0.0173 0.0137 0.0124 0.0152 0.0133 0.0139 0.0172 0.0218
R 0.0213 0.0177 0.0171 0.0163 0.0145 0.0137 0.0126 0.0115 0.0109 0.0091 0.0142
0.1445 0.1248 0.1126  0.1045 0.0950 0.0836 0.0772 0.0685 0.0586 0.0495 0.0891

* Ry~ average monthly excess retums, 0 — standard deviation of the monthly excess retums, 7 — correlation

coefficient.

111: Black et al. (1972)
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3.4 #1UVA1a09 Idiosyncratic Volatility Tag Ang, Hodrick, Xing, and Zhang (2009)
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3.5 1408 Betting Against Beta lwlszmavemevalae Sehgal et al. (2022)
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5.3 Robustness Test
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